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Active service recommendation method for power customers based on LSTM-Attention fusion
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Abstract: In order to improve the level of electricity consumption, it is an inevitable trend to use artificial intelligence
technology to provide active service to electricity customers. Under the background, an active customer service rec-
ommendation method is proposed based on LSTM-Attention fusion considering the lack of research on active customer
service in the power industry. The proposed method can effectively solve the problems of gradient mass and gradient
explosion in the service recommendation of a single deep learning model. Firstly, a model is established for extracting
potential service demands of customers from electric power complaint work orders. Then, an active service recom-
mendation method is obtained for electric power customers based on the LSTM-Attention fusion algorithm. Finally,
an electric power customer complaint work order in one city is included to verify the algorithm and model. It is shown
that this method is effective.

Key words: active service recommendation;electricity complaint; potential service needs; LSTM-Attention
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