537 B 6 1 BHARZEEERER Vol. 37 No. 6
2022 4F 11 A JOURNAL OF EIECTRIC POWER SCIENCE AND TECHNOLOGY Nov.2022

ETHZARERE ARDL RE M S 6
7= A R = T

ko BL.EERL AN R, HBERL B RO
LR A3 A 726 B RS2 B M 35001252, L0 K 360 45 65510 TR L 200210)

BN ST R RS W REUE Z I R A O6 R A d m A AR T e 5 2 o0 & T R AR B 2 [ 1Y 1)
W (VAR RAS 38 2 0 A% 22 78 (Granger) PR 5C FAG B 19 77 125, 42 JRORE T Fi 2 90000 A Ja8 25 5 il 199 7 b 28 3%
Fo b7 B e M RE b ST 7% 08 B TR 3R e A v RE Rl F L AR B A 4 A S (ARDL B!, DIRE R IX 2016—
2020 4F 7 M FH H 028 B0 R HE AT 58 0 43 AT L 45 SR W« Granger PR SR 5G ZRKG 56 T LUAT R0 42 48 45 40 43 7l el R
SRIR Y 28 T F8 B 5 46 3 6 20 I R 22 2 1 30 79 ol R W, 0300 A A8 v T L 7 A0 8 v A A 19 00 K

% $# W :Granger BFIURICH ; BT s ARDL BUHL; 7=l 2 B 48 45 5 v £ 15000
DOI1:10.19781/5.issn.1673-9140.2022.06.019 FESES  TM621 XEHS:1673-9140(2022)06-0165-08

Research on forecasting electricity consumption of high-energy-consuming industries

based on Granger causality and ARDL model
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Abstract: In order to explore the coupling relationship between the industrial economic development and power big da-
ta, a vector auto regressive (VAR) model is constructed between the electricity consumption of high-energy-consu-
ming industries and the data of multiple economic indicators. By using the Granger causality test method, industrial e-
conomic index data are extracted that has a significant impact on electricity consumption forecasting. Based on this, an
Auto Regressive Distributed Lag ( ARDL) model of electricity consumption is established in high-energy-consuming
industries that takes economic factors into account. An example analysis of industrial electricity consumption and eco-
nomic data in a certain region from 2016 to 2020 shows that the Granger causality test can effectively dig out the eco-
nomic indicators related to the electricity consumption of subdivided industries. Considering these economic factors in
the regression model, the prediction accuracy of the model is effectively improved.
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Figure 1  Analysis flowchart based on the cointegration

and Granger causality analysis
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Figure 2 Flow chart of electricity consumption forecast

for high energy consumption industries
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Figure 3 Electricity consumption of textile industry and

typical economic indicators
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