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Power operation oriented approach of work ticket segmentation and

work information extraction method
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Abstract: The key information of system operation contained in the power work ticket is an important basis for pre-op-
eration risk assessment. In order to quickly and accurately extract the required information from the actual work ticket
document, a method of power work ticket segmentation and information extraction is proposed. First, the binariza-
tion, expansion, and corrosion operations are utilized to extract the table frame lines from the power work ticket im-
age. Then the segmentation operations are performed to obtain cell images of the work ticket based on the frame lines
detection results. The optical character recognition (OCR) is further leveraged to detect the corresponding information
in the cell. Finally, the recognition result is structured based on the regular matching method to realize the effective
extraction and matching of power operation information. Experimental tests based on actual work tickets show that
the proposed method can combine the extracted power operation information in a contextual and semantic combina-
tion, and the key information recognition effect is better than general commercial OCR software.
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Figure 1 The network architecture of CRNN
1.1 ${ERF FIHRE
CRNN (194 BUZ % 1 & BUH 53 2 iR Kb Ak

EREE. BEROTEZ RO R A g
(BREO, BRERIEWE 2 s, &R &40
AR — A AE 3 5 37 3h 98 P A 77 5 K g A
P4 5 2 BURZ P 9 00 I 0 3R AR 3 ISR A 3k i
e R IR R TR

A
T - FHIER
O] 1,01 110 2112
111,00 < 0ol 1 - Lyro
21
0y 1,0]0
B2 HAREiE

Figure 2 Convolution operation
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Figure 4 The workflow of proposed method
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Figure 8 Flow chart of cell segmentation
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