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Abstract: Power system is a time-varying complex system. In recent years, data-driven machine learning method has
been widely used in the field of transient stability assessment of power system. However, when the power system is
subjected to a large disturbance and the working condition changes, the machine learning model needs to be trained
according to the new operating data. Thus, it is difficult to timely respond to transient stability assessment of the system
under the new topology structure. To solve this problem, a model update mechanism is proposed in this paper, which
updates the model according to different conditions. In addition, an oblique double random forest with multisurface
proximal support vector machine (MPSVM) (MPDRF) model is introduced as a classifier to assess the stable state of
power system. The simulation test on the New England 10-machine 39-bus system verifies the effectiveness of the
proposed method. The results show that the method combined with update mechanism has high assessment
performance, compared with the traditional method.
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Figure 1 Growth diagram of basic decision tree in DRF
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Figure 4 New England 10-machine 39-bus system structure
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