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Illegaloperation recognition algorithm based on YOLOV3 in

specific power operation scenario
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Abstract: Power grid are often operated in dangerous scenes such as high altitudes and high voltages. The scenes pose
threats to the safety of electric power operators. Relying only on human supervision alone often leads to inadequate
supervision. Existing target detection algorithms can only perform simple safety identification and can not identify il-
legal operations based on specific power operation scenarios. To solve this problem, this paper proposes an illegal op-
eration recognition algorithm based on YOLOvV3 in the specific power operation scenario. The YOLOv3 algorithm is
selected for target detection incorporating the scene recognition mechanism contemporarily. The logic judgment func-
tion is set by reference to the intersection over union to detect the violation of power operations in specific scenarios.
After taking the welding scene as an example for experimental verification, the results show the detection accuracy of
this model is calculated to be 82.15% , which proves the effectiveness of the method. Meanwhile, this paper also puts
forward several suggestions for subsequent optimization of the model.
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Figure 1 Effect comparison before and after

gray processing
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Figure 2 Effect comparison before and after

geometric transformation
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Figure 3 YOLOV3 network
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Figure 4 Flow chart of fusion algorithm
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Figure 7 Detection result of welding scene
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